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Model: Multi-Layer Perceptron 1-8-1 ~Error vs. Time
-Progress _ Training Error
Stage 4 Update 5000 Total 5800 — Vdidation Error
~Training—— Validation
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e T 0. 366 0.323 0.357 0. 367 0.313
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5 0. 377 0. 363 0.343 0.373 0.368
4 0. 367 0. 365 0.362 0. 403 0. 364
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Model: Multi-Layer Perceptron

~Progress
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Error 0.296] |Error 1.610
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-Progress
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